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Machine learning vs manual exploration
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Machine learning vs manual exploration
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Machine learning challenges: Algorithm choice
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How to choose the best algorithm/architecture?
(SVM, KDD, LVQ, RFC, ANN, XY/Z,...)



Machine learning challenges: Parameter choice
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How to choose the best algorithm parameters?
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Machine learning challenges: Training
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How to understand which parts of the input were good/bad for training?
e Instance classes / feature classes

 Individual instances

e parts of instances



Machine learning challenges: Optimization

How to understand what to change in input/parameters to guarantee
a given change in output performance?

» different features?

o different training set?

o different classifier parameters?
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Workflow optimization Is essential!
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ldea: Learn from Program Comprehensmn'

Input data Program Output (insights)

e complex e high-level

* hybrid ‘. ‘ data/execution
 multivariate aim: debug

e time-dependent aim: optimize
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